
라벨링 문제

1. Annotation Error의 영향 
(https://understand.ai/blog/annotation/machine-learning/autonomous-driving/2021/
06/01/impact-of-annotation-errors-on-neural-networks.html)

[1] Incorrect class: An object is classified incorrectly, e.g. a vehicle is labeled as 
pedestrian.

[2] Incorrect attribute: The state of an object is not described correctly, e.g. a 
car in motion is labeled as parked.

[3] Missing annotation: An object is not annotated even though it should be.
(false negative를 학습하므로 학습에 악영향을 준다)

[4] Redundant annotation: An object is annotated even though it shouldn’t be

[5] Incorrect annotation size or position: An object is not annotated precisely 
enough, not fitting to its actual dimensions.



[6] Incorrect annotation position: An object is not annotated precisely enough, 
not placed at its actual position.

(https://blog.roboflow.com/missing-and-null-image-annotations/)

https://blog.roboflow.com/missing-and-null-image-annotations/


2. Annotation 생략 문제: 

학습시에, 실재하는 특정 Object를 Objcet가 아닌 배경(background)으로 학습하라
는 잘못된(혼동된) 명령을 신경망에게 주어서 학습이 불안정하게(그런 경우가 많을 시에는 학
습이 안되게) 한다.

특히, 학습 이미지에 반복적으로  나타나는 Object일수록 더욱 유의하여야 한다 
(샘플 수가 많을 테니)

MisLabeling 예 – Annotation 생략



MisLabeling(라벨링 생략) 데이터에 대한 학습 결과 



3. Label Smoothing : 라벨링 오류에 대한 대책 
학습시에, 




