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1. Annotation Error?] sk

(https://understand.ai/blog/annotation/machine-learning/autonomous-driving/2021/
06/01/impact-of-annotation-errors-on-neural-networks.html)

[1] Incorrect class: An object is classified incorrectly, e.g. a vehicle is labeled as

pedestrian.

[2] Incorrect attribute: The state of an object is not described correctly, e.g. a

car in motion is labeled as parked.
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Ground truth on the left, small noise (0.08) in the middle and large noise (0.13) on the
right. Source: VOC dataset

[3] Missing annotation: An object is not annotated even though it should be.
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Missing Rate in PASCAL VOC 2007
The Mean Average Precision (mAP) for one WSOD detector and four classical FSOD detectors

training under different instance-level missing label rates (Mr =0:0.1:0.9) of the training data set
[Xu et al.,, 2019]

[4] Redundant annotation: An object is annotated even though it shouldn't be

[5] Incorrect annotation size or position: An object is not annotated precisely

enough, not fitting to its actual dimensions.



[6] Incorrect annotation position: An object is not annotated precisely enough,

not placed at its actual position.

Four sample chess images. Dataset source.

(https://blog.roboflow.com/missing-and-null-image-annotations/)



https://blog.roboflow.com/missing-and-null-image-annotations/
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tf.losses.softmax_cross_entropy(
onehot_labels,
logits,
weights=1.9,

label_smoothing=9,

scope=nNone,
loss_collection=tf.GraphKeys.LOSSES,
reduction=Reduction.SUM_BY_NONZERO_WEIGHTS

arguments in softmax cross entropy loss



If 1abel smoothing 1S nonzero, smooth the labels towards 1/num_classes:

new_onehot_labels = onehot_labels * (1 - label_smoothing) +

label_smoothing / num_classes

What does this mean?

Well, say you were training a model for binary classification. Your labels
would be 0 — cat, 1 — not cat.

Now, say you 1abel smoothing = 0.2

Using the equation above, we get:

new onehot labels=[01]*(1—0.2) +0.2/2=[01]*(0.8) + 0.1

new_onehot labels =[0.9 0.1]



